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A Network Intrusion Detection Algorithm Based on DBN

XU Donghui*, WANG Yong®, FAN Rusen®
(a. School of Electronic and Information Engineering ,b. School of Computer Science and Technology,
Shanghai University of Electric Power, Shanghai 200090, China)

Abstract; DBN(deep belief nets)-based intrusion detection algorithm is proposed for improving
the traditional BP neural network in detection speed, accuracy, complexity, etc. The BP neural
network structure will do a fine turning on parameters after the double RBMs structure reducing the
dimension of data. In this way, the complexity of data and BP neural network is simplified. The

experiments with KDD99 dataset show that the new algorithm is in excellent performance in large

data fitting and intrusion detection.
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